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Researcher Miss Sunisa Saiuparad
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Abstract

Weather forecasts are very necessary to predict the future weather conditions. The
important thing in forecasting is the model and variables. The model used in the
forecasting must be accurate and effective. In addition, the variables used in forecasting
must be comprehensive and appropriate to be able to represent the forecast. The initial
conditions for forecasting must be appropriate and reliable. There are many methods to
generate the initial conditions in forecasting. To generate the initial conditions for
winter monsoon prediction with Kalman Filtering method, which is a method, used to
predict the status of various systems and able to create values of variables used in
forecasting to have a variety of similarities, can be used as a starting variable in
forecasting very well. In this research the winter monsoon prediction by the Shallow
Water Model and validating the initial conditions by Root Mean Square Error (RMSE).
The result of weather prediction in the winter monsoon can be used the Kalman
Filtering method for generate the initial conditions.

Keywords: weather / predictions
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3.2.1 YeyanlFlumsilszadawna

doyai141un13398 Aodoyalusreimausquaguud Tuil a.a. 2015-2056 910 The
Bjerknes Centre for Climate Research (BCCR), University of Bergen, Norway. The global climate

model is Bergen Climate Model (BCM) Version 2.0 (BCCR-BCM2.0) from the World Climate



Research Programme’s (WCRP’s) Coupled Model Intercomparison Project phase 3 (CMIP3) multi-
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X = Atk—l)x(k—l) + B(k—l)u(k—l) + Wi (4.1)
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o Age-1) 19 ANNTUWUTIENINADNIULVDITLUY 93V8AEYA X(e-1) N 1381 k-1 uaz xi
A Z’, =) [ v o ~

a1 k wonnniy Bg—1) UANNANWUTAY Ug-1) N W)

wag u,v, & unuanlsluszuy

MuuaanIuy z€ Rm of the discrete-time avguns

Z, = Ay Ziy + BayUgy + Wy (4.2)
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2., =07, + W, (4.3)

e 0: Ao the observation matrix

A -
w: fo the process noise.
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Square Error (RMSE)
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